
International Journal on Recent and Innovation Trends in Computing and Communication 

ISSN: 2321-8169 Volume: 13 Issue: 1 

Article Received: 25 November 2024 Revised: 12 December 2024 Accepted: 30 January 2025 

___________________________________________________________________________________________________________________ 
 

 

    101 
IJRITCC | February 2025, Available @ http://www.ijritcc.org 

 

AI Agents for Business Applications: A Review 
  

Palguni G T 

3rd Year B.E, Dept of Computer Science and Business Systems, 
Malnad College of Engineering 

Hassan -573201, Karnataka, India  
palguni.gt@gmail.com 

 

Dr. Thyagaraju G S 
Professor and Head, Department of CSE, 

Shri Dharmasthala Manjunatheshwara Institute of Technology  

Ujire - 574240, Karnataka, India 
profthyagu@gmail.com 

  

Abstract— Artificial Intelligence (AI) agents have revolutionized business applications by automating processes, enhancing decision-

making, and optimizing operational efficiency. This paper presents a comprehensive review of AI agents, categorizing their applications across 
domains such as customer relationship management (CRM), supply chain management, financial forecasting, and enterprise decision support 

systems. The evolution of AI agents from rule-based models to sophisticated multi-agent systems (MAS) and large language models (LLMs) 

has enabled businesses to leverage intelligent automation, real-time analytics, and predictive insights. AI-driven conversational agents have 

improved customer engagement, while AI-powered workflow automation has enhanced IT operations and security. Despite these 
advancements, challenges such as ethical considerations, security risks, interoperability, and long-term adaptability persist. This review 

synthesizes research contributions, identifying key strengths, limitations, and emerging research gaps in AI adoption for business. Future 

directions highlight the need for enhanced human-AI collaboration, standardization of AI agent interoperability, security-first AI architectures, 

and emotionally intelligent conversational systems. Addressing these challenges will ensure the responsible and effective deployment of AI 

agents, maximizing their transformative potential in business environments. 
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I.  INTRODUCTION  

Artificial Intelligence (AI) has become an integral part of 
modern business landscapes, transforming how organizations 
operate, make decisions, and interact with stakeholders. AI 
agents, which are autonomous systems capable of perceiving 
their environment, processing data, and making decisions to 
achieve specific objectives, play a pivotal role in automating 
business processes and enhancing efficiency. The integration of 
AI agents into business applications has led to advancements in 
areas such as customer relationship management (CRM), supply 
chain optimization, financial forecasting, and strategic decision-
making. 

The evolution of AI agents has progressed from rule-based 
systems to intelligent, learning-driven models that can 
dynamically adapt to changing business environments. Early AI 
agents focused primarily on automating repetitive tasks and 
improving efficiency. However, with the advent of multi-agent 
systems (MAS), conversational agents, and large language 
models (LLMs), AI agents are now capable of sophisticated 
decision-making, negotiation, and predictive analysis. These 
capabilities enable businesses to remain competitive in a fast-
paced, data-driven world. 

This literature review explores various applications of AI 
agents in business, categorizing research contributions across 
different domains such as e-commerce, IT operations, customer 
service, financial analysis, and enterprise decision support. The 
review synthesizes findings from existing studies to provide 

insights into how AI agents improve business efficiency, drive 
innovation, and optimize decision-making processes. 
Additionally, it highlights emerging challenges and research 
gaps, particularly in the areas of ethical considerations, security 
risks, interoperability, and the long-term adaptability of AI 
agents. 

One of the key applications of AI agents in business is in 
CRM, where they enhance customer experiences through 
intelligent automation and personalized engagement. AI-driven 
chatbots and virtual assistants streamline customer interactions, 
reduce response times, and improve customer satisfaction. 
However, studies indicate that these AI systems often struggle 
with emotional intelligence, potentially leading to customer 
dissatisfaction when responses lack empathy and contextual 
awareness. 

Another significant area of AI agent application is workflow 
automation and IT operations. Agentic AI enhances IT system 
autonomy by using predictive analytics to anticipate and 
mitigate system failures, thereby improving operational 
resilience and reducing downtime. Additionally, AI agents in 
business simulations and decision support systems contribute to 
more informed decision-making by analyzing vast datasets and 
generating actionable insights. 

Despite these advantages, several challenges persist in 
deploying AI agents across business sectors. Security 
vulnerabilities, lack of interoperability between AI systems, and 
ethical concerns related to bias and transparency require further 
investigation. The integration of AI agents with real-time 
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business operations also poses challenges in ensuring accuracy, 
reliability, and scalability. 

This literature review aims to provide a comprehensive 
analysis of AI agent applications in business, addressing both 
their transformative potential and existing limitations. The 
following sections discuss the foundational theories of AI 
agents, their diverse applications across industries, and the 
critical research gaps that must be addressed to enhance their 
effectiveness and ethical deployment in real-world business 
environments. 

 

II. FOUNDATIONS OF AI AGENTS IN BUSINESS  

 
Agentic AI refers to artificial intelligence systems that 

operate autonomously, make decisions, and take actions with 
minimal human intervention. Unlike traditional AI models that 
rely on predefined instructions, agentic AI systems dynamically 
adapt to their environments, learn from interactions, and 
optimize outcomes based on objectives. 

Agentic AI systems are designed to function with a high 
degree of autonomy, enabling them to achieve specific 
objectives through decision-making and action execution. 
Following are the Key characteristics of Agentic AI:  

•Autonomy: Acts independently to achieve specific goals. 
•Adaptability: Learns from experience and improves 

decision-making. 
•Context Awareness: Understands and reacts to real-world 

changes. 
•Multi-Step Reasoning: Plans and executes tasks over 

multiple steps. 
•Interactivity: Engages with users, other AI agents, or 

external systems. 
Agentic AI represents the next step in AI evolution, enabling 

businesses and industries to achieve greater efficiency, 
automation, and intelligence across various domains. As 
research continues to advance, agentic AI will play an 
increasingly significant role in shaping the future of technology-
driven solutions. 

 

A. Comparison of Agentic AI and Traditional AI 

Agentic AI and traditional AI differ in their design, 
functionality, and adaptability. Traditional AI systems, such as 
rule-based algorithms and supervised learning models, operate 
within predefined constraints and are typically designed for 
specific tasks. They require extensive labelled data, lack 
autonomy, and depend on human intervention for updates and 
decision-making. 

On the other hand, Agentic AI, often powered by Large 
Language Models (LLMs), represents a shift toward 
autonomous decision-making. These AI agents possess memory, 
reasoning, planning, and self-improvement capabilities, 
enabling them to act independently in dynamic environments. 
Unlike traditional AI, which follows static instructions, Agentic 
AI can interact with users, adapt to changing inputs, and refine 
its responses over time. It integrates with tools, APIs, and 
external databases, allowing it to execute complex workflows, 
automate tasks, and provide context-aware assistance. 

A key distinction lies in autonomy: traditional AI functions 
as a passive system that reacts to inputs, whereas Agentic AI 
actively pursues goals by learning from past interactions, making 

predictions, and optimizing its actions based on feedback. For 
example, Chatbots (traditional AI) follow scripted responses, 
while LLM-powered agents (Agentic AI) can understand 
context, maintain long-term memory, and autonomously seek 
additional information to improve their responses. 

Another difference is in adaptability. Traditional AI models 
are rigid and require retraining for new tasks, whereas Agentic 
AI can leverage LLMs’ zero-shot and few-shot learning 
capabilities to handle novel situations without explicit 
reprogramming. 

While Agentic AI offers greater flexibility and human-like 
problem-solving, it also introduces challenges such as safety 
risks, hallucinations, and ethical concerns, which require 
ongoing research and governance. 

 

B. Evolution of AI Agents 

The evolution of AI agents in business has progressed 
through multiple stages, beginning with simple rule-based 
automation and culminating in highly intelligent, adaptive, and 
self-learning systems. Early AI agents were primarily designed 
for repetitive, structured tasks such as inventory tracking, 
customer query resolution, and automated data entry. These 
agents followed predefined rules and lacked the flexibility to 
adapt to changing business environments [5,9]. 

With advancements in AI and computational power, multi-
agent systems (MAS) emerged, allowing AI agents to 
collaborate, learn, and optimize processes autonomously. MAS 
employs distributed computing, where multiple agents interact 
to solve complex business challenges. For instance, AI-driven 
supply chain networks leverage MAS to optimize logistics, 
forecast demand, and mitigate disruptions [6,10]. 

The introduction of Belief-Desire-Intention (BDI) models 
further enhanced agent autonomy by enabling them to form 
beliefs about their environment, establish goals (desires), and 
create strategies (intentions) to achieve them. These intelligent 
agents support decision-making in uncertain and dynamic 
business scenarios, particularly in financial markets and risk 
management [7,12]. 

More recently, AI agents powered by large language models 
(LLMs) and deep learning algorithms have revolutionized 
business intelligence, enabling AI-driven analytics, natural 
language processing (NLP), and conversational interfaces. 
LLM-based AI agents can process vast amounts of data, engage 
in meaningful conversations, and offer predictive insights, 
making them invaluable for customer service, marketing, and 
operational efficiency [19,20,31]. 

 

C. Theoretical Frameworks 

Several theoretical frameworks have been developed to 
guide AI agent implementation in business environments. One 
of the most widely studied frameworks is the multi-agent 
architecture, where different types of agents collaborate to 
complete tasks efficiently. This architecture underpins 
applications such as automated trading systems, business 
simulations, and intelligent workflow automation [13,18]. 

Hybrid AI models combine rule-based and machine learning 
techniques, ensuring AI agents can handle both structured and 
unstructured business problems. For example, AI-driven fraud 
detection systems integrate rule-based logic with anomaly 
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detection using machine learning, enabling businesses to 
identify suspicious activities with high accuracy [14,22]. 

Semantic web services further enhance AI agent 
interoperability by facilitating seamless communication between 
business applications and AI systems. These services enable AI 
agents to access structured knowledge bases, execute dynamic 
business logic, and interact with external APIs, thereby 
improving automation in e-commerce and enterprise resource 
planning (ERP) systems [16,25]. 

Agent-based business simulations have gained prominence 
in strategic decision-making, allowing companies to model 
market dynamics, consumer behavior, and competitive 
landscapes. By simulating business scenarios, AI agents assist 
executives in evaluating different strategies before 
implementing them in real-world settings [21,29]. 

Overall, the evolution and theoretical advancements of AI 
agents have propelled their adoption across diverse business 
domains, offering unparalleled efficiency, automation, and 
decision support. However, challenges related to adaptability, 
security, and standardization must be addressed to maximize 
their potential in the business ecosystem. 

 

III. APPLICATIONS OF AI AGENTS IN BUSINESS 

 

A. Multi-Agent Systems for Business Strategy and E-

Commerce:  

AI agents play a crucial role in business strategy by optimizing 

decision-making in pricing, investment, and operational 

efficiency. Multi-agent systems (MAS) facilitate autonomous 

negotiations, improving market strategies and enabling better 

risk assessment [5]. In e-commerce, AI agents enhance 

personalized shopping experiences through recommendation 

algorithms and real-time pricing strategies [3,6]. Additionally, 

MAS-driven AI agents streamline supply chain operations by 

predicting demand fluctuations and optimizing logistics [10]. 

AI-driven negotiation systems allow businesses to automate 

supplier interactions, reduce procurement costs, and enhance 

supply chain resilience. Furthermore, agent-based pricing 

models dynamically adjust prices based on market demand, 

competitor behavior, and consumer sentiment, improving 

profitability and competitiveness [6,14]. 

 

B. AI Agents in Customer Relationship Management 

(CRM):  

Conversational AI agents significantly impact CRM by 

providing real-time, personalized customer service. AI-

powered chatbots and virtual assistants enable seamless 

interactions with customers, handling inquiries efficiently and 

reducing response times [30]. These agents utilize natural 

language processing (NLP) and sentiment analysis to tailor 

responses based on customer emotions and engagement history 

[19,31]. 

However, while AI-driven CRM systems enhance efficiency, 

they often struggle with emotional intelligence, leading to an 

"empathy gap" that affects customer trust and satisfaction [28]. 

Advanced AI models incorporating affective computing aim to 

bridge this gap by analyzing tone, language, and contextual cues 

to generate more human-like interactions. Additionally, AI-

driven CRM platforms optimize lead management, customer 

segmentation, and predictive analytics for improved customer 

retention [22]. 

 

C. Decision Support Systems and Business 

Intelligence:  

AI agents enhance decision-making by processing and 

analyzing large datasets to generate actionable insights. In the 

insurance sector, AI-driven decision support systems improve 

risk assessment and claims processing by evaluating historical 

data and identifying fraudulent activities [12]. Similarly, multi-

agent frameworks integrate business intelligence tools to 

optimize decision-making in financial markets, supply chains, 

and enterprise resource planning [25]. 

Generative AI plays a crucial role in business intelligence by 

summarizing customer feedback, identifying emerging trends, 

and providing predictive analytics for strategic planning [22]. 

These AI models help organizations make data-driven decisions 

by simulating various business scenarios and forecasting 

potential outcomes [18]. Additionally, AI agents improve 

knowledge management by automating document analysis and 

extracting critical information for executive decision-making 

[29]. 

 

D. AI Agents in Workflow Automation and IT 

Operations:  

AI-driven workflow automation improves business efficiency 

by automating repetitive tasks, optimizing resource allocation, 

and enhancing IT system resilience. Agentic AI in IT operations 

integrates predictive analytics to detect and resolve system 

anomalies before they impact business performance [23]. 

AI-powered chatbots streamline project management by 

automating task assignments, tracking progress, and generating 

real-time reports [30]. Additionally, AI agents optimize IT 

helpdesk operations by handling user queries, diagnosing 

technical issues, and providing self-service solutions, reducing 

the need for human intervention [26]. 

AI agents also enhance cybersecurity by identifying potential 

threats, mitigating risks, and ensuring compliance with data 

protection regulations [27]. These systems continuously 

monitor network activity, detect anomalies, and take proactive 

measures to safeguard business infrastructure from cyber 

threats. 

 

E. Conversational and LLM-Based AI Agents:  

The integration of Large Language Models (LLMs) with AI 

agents has revolutionized conversational AI in business 

applications. LLM-powered agents handle complex queries, 

automate document generation, and facilitate multilingual 

customer support, reducing operational costs and improving 

user engagement [19,20,31]. 

In addition to customer support, LLM-based AI agents improve 

internal business communications by automating email 

responses, generating reports, and providing intelligent 

assistance to employees. Businesses leverage these AI-driven 
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models to enhance productivity, automate knowledge 

management, and streamline content generation for marketing 

and sales operations [21]. 

Overall, AI agents continue to drive innovation across multiple 

business domains, improving efficiency, decision-making, and 

customer engagement. However, their effectiveness depends on 

continued advancements in AI models, ethical considerations, 

and robust security frameworks to address emerging challenges 

in business environments. 

 

IV. CHALLENGES, ISSUES, AND RESEARCH GAPS 

A. Key Challenges 

Ethical and Security Concerns: AI agents increasingly 
handle sensitive business data, raising concerns about security, 
privacy, and ethical decision-making. Direct database access by 
AI agents presents risks of unauthorized data retrieval, data 
breaches, and cyber threats, making robust security frameworks 
essential [26]. Additionally, biases in AI decision-making 
models create ethical dilemmas, particularly in recruitment, loan 
approvals, and law enforcement applications [17]. Businesses 
must implement fair AI practices to mitigate biases and ensure 
transparency in AI-driven decisions. 

Interoperability and Standardization: AI agents operate 
across diverse platforms and business applications, yet a 
significant challenge lies in their interoperability. The lack of 
standardized communication protocols hinders seamless 
collaboration between AI agents from different vendors. Recent 
studies propose universal frameworks such as Open Voice 
Interoperability (OVON) to enable AI agents to function 
cohesively across systems, ensuring better information exchange 
and automation [27]. Without proper standardization, businesses 
may face inefficiencies in AI integration, limiting their ability to 
scale AI-driven processes. 

 

B. Key Issues  

Long-Term Learning and Adaptability: AI agents exhibit 
impressive short-term adaptability but struggle with continuous 
long-term learning. While machine learning models can adjust 
to patterns in data, their ability to evolve autonomously remains 
limited. For instance, AI agents used in financial forecasting or 
supply chain optimization must continuously update their 
models to accommodate market changes, economic fluctuations, 
and consumer behavior shifts [20,31]. Enhancing AI agents' 
memory retention, reinforcement learning techniques, and self-
driven evolution mechanisms will be critical for long-term 
practical deployment.  

Scalability and Multi-Agent Collaboration: While AI agents 
enhance efficiency at the individual level, scaling AI agent 
collaboration in enterprise environments remains a major issue. 
Businesses deploying multiple AI agents for customer service, 
fraud detection, and workflow automation often experience 
communication bottlenecks due to poor coordination. Studies 
suggest improving agentic workflows to facilitate seamless 
collaboration, optimizing response times, and reducing 
computational resource requirements [24]. Addressing these 
scalability challenges will allow businesses to implement AI 
across multiple operational domains effectively. 

C. Research Gaps 

Ethical AI Governance and Accountability: Despite 
advancements in AI ethics, research gaps remain in defining 
clear AI governance policies. Questions regarding AI 
accountability, liability for erroneous decisions, and regulatory 
frameworks are yet to be fully addressed. More empirical 
research is required to explore ethical AI governance models that 
businesses can adopt to ensure AI compliance with industry 
standards and legal requirements [17]. 

AI Explainability and Decision Transparency: One of the 
persistent challenges in AI adoption is the "black-box" nature of 
AI-driven decision-making. Many AI systems, particularly deep 
learning models, lack interpretability, making it difficult for 
businesses to understand how AI agents arrive at specific 
conclusions. Transparent AI models are necessary for regulatory 
compliance, especially in industries like finance, healthcare, and 
legal advisory [22]. Research is needed to develop explainable 
AI techniques that provide decision-making rationale without 
compromising performance. 

Multi-Agent Coordination for Complex Tasks: Although AI 
agents can operate autonomously, effective collaboration in 
multi-agent environments remains a growing research area. AI-
driven business applications require enhanced coordination 
between multiple AI entities to solve complex, interdependent 
tasks efficiently. Future research should focus on improving 
algorithms that enable AI agents to negotiate, share resources, 
and distribute workloads more effectively in dynamic business 
environments [24]. 

AI agents offer transformative potential for businesses; 
however, various challenges, issues, and research gaps must be 
addressed. Ethical AI governance, interoperability, adaptability, 
and scalability remain areas requiring continued research and 
innovation. By addressing these challenges, businesses can fully 
leverage AI agent capabilities while ensuring security, fairness, 
and operational efficiency. 

The research papers analysed in this document focus on 
various aspects of AI agents and their applications in business, 
ranging from intelligent multi-agent systems and conversational 
AI to large language model-based autonomous agents. This 
comparative analysis synthesizes their methodologies, findings, 
contributions, and identified research gaps to provide a 
comprehensive overview of advancements in AI-driven business 
applications. 

TABLE I.  COMPARATIVE ANALYSIS OF RESEARCH CONTRIBUTIONS 

Paper 

No. 
Focus Key Findings 

Strengths 

Identified 

Limitations and 

Research Gaps 

1, 2, 3, 

4, 6, 7, 

9, 12, 

13, 16 

Multi-Agent 

Systems 

(MAS) and AI 

in Business 

Process 

Management 

Multi-agent 

systems 

improve 

decision-

making, 

enhance 

cooperation, and 

facilitate e-

commerce 

transactions. 

Improved 

automation, 

adaptability, 

and 

collaboration 

among agents. 

Limited 

interoperability 

with traditional 

systems, lack of 

industry-wide 

standardization. 

15, 17, 

18, 27, 

28, 30 

Conversational 

Agents and AI 

in Customer 

Engagement 

Conversational 

AI enhances 

customer 

interactions but 

lacks emotional 

intelligence and 

Enhanced user 

interactions, 

24/7 

availability, 

and cost 

reduction. 

Lack of 

emotional 

intelligence, 

ethical concerns 

in AI-human 

interactions. 
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personalized 

responses. 

19, 20, 

21, 22, 

24, 31 

Agentic AI 

and Large 

Language 

Model (LLM) 

Based AI 

Agents 

LLM-based 

agents 

significantly 

improve task 

execution and 

decision-making 

but pose 

challenges in 

accuracy and 

security. 

Scalable 

solutions, 

improved 

reasoning, and 

multi-agent 

collaboration. 

Security 

concerns, need 

for better 

evaluation 

metrics, ethical 

risks. 

5, 8, 

10, 11, 

14, 23, 

25, 29 

AI for 

Decision-

Making, 

Business 

Strategy, and 

Optimization 

AI agents 

streamline 

operations and 

enhance 

predictive 

capabilities but 

require 

extensive 

calibration for 

accuracy. 

Faster, data-

driven 

decision-

making, 

optimization 

of resources. 

Dependence on 

accurate data 

input, challenges 

in human-AI 

collaboration. 

26, 27, 

31 

Security, 

Privacy, and 

Ethical 

Considerations 

in AI Agents 

AI’s expanding 

role in business 

introduces new 

vulnerabilities 

and data privacy 

concerns. 

Awareness of 

risks, need for 

AI 

governance. 

Regulatory gaps, 

potential misuse 

of AI-generated 

content. 

 

TABLE II.  COMPARATIVE ANALYSIS OF AGENTIC AI ACROSS 

INDUSTRIES 

 

V. FUTURE DIRECTIONS 

As AI continues to evolve, several key research areas must 
be prioritized to ensure its responsible and effective integration 
into business environments. 

Enhanced Human-AI Collaboration: Rather than replacing 
human decision-making, AI should augment and enhance it. 
Research should focus on hybrid models where AI agents 
provide recommendations, automate routine tasks, and facilitate 

decision-making while keeping humans in the loop for critical 
evaluations. 

Interoperability and Standardization: Future research should 
aim at developing standardized frameworks for seamless 
integration of multi-agent systems with existing business 
applications. Achieving interoperability across different AI 
ecosystems will be crucial for widespread adoption and 
scalability. 

Emotional Intelligence in AI Systems: Conversational AI 
must go beyond scripted responses and develop a deeper 
understanding of human emotions. Advancements in sentiment 
analysis, context-aware interactions, and personalized responses 
will enhance user engagement and trust. 

Security-First AI Architectures: AI systems must be 
designed with embedded privacy-preserving mechanisms to 
protect sensitive business and consumer data. Future research 
should focus on enhancing security protocols, reducing 
vulnerabilities, and addressing data governance issues to prevent 
unauthorized access and misuse. 

Advanced Multi-Agent Systems: Scalability remains a 
challenge for multi-agent systems. Research should explore how 
AI agents can efficiently scale across industries and global 
markets while ensuring adaptability to diverse operational 
environments. 

Ethical AI Governance: AI adoption must prioritize fairness, 
transparency, and bias mitigation. Addressing ethical concerns 
in AI decision-making, ensuring explainability, and developing 
clear governance frameworks are essential for responsible AI 
deployment. 

By focusing on these future directions, AI research and 
development can contribute to building more reliable, secure, 
and ethically responsible business applications.  

. 

VI. CONCLUSION 

AI agents have significantly transformed business operations 
by automating tasks, optimizing decision-making, and 
enhancing efficiency across various domains, including 
customer service, supply chain management, financial 
forecasting, and enterprise decision support. The evolution of AI 
agents, from rule-based models to advanced multi-agent systems 
(MAS) and large language model (LLM)-powered AI, has 
expanded their capabilities, enabling businesses to leverage 
intelligent automation, real-time analytics, and predictive 
insights. However, challenges such as ethical considerations, 
security vulnerabilities, interoperability issues, and the need for 
long-term adaptability remain critical obstacles to widespread 
adoption. 

To fully harness the potential of AI agents in business, future 
research must focus on enhancing human-AI collaboration, 
improving explainability and transparency, and developing 
robust security frameworks to mitigate risks. Standardization 
and interoperability will be crucial for seamless integration 
across diverse business applications. Additionally, 
advancements in affective computing and sentiment analysis can 
help AI-driven conversational agents bridge the "empathy gap," 
improving user engagement and trust. By addressing these 
challenges, AI agents can continue to drive innovation, 
efficiency, and competitiveness in business environments while 
ensuring ethical and responsible AI deployment. This study 
provides a foundation for future research, highlighting key areas 

Industry Key AI 

Applications 

Primary 

Benefit 

Challenges 

Financial 

Services 

Algorithmic 

trading, fraud 

detection, risk 

assessment 

Faster and more 

accurate 

financial 

decisions 

Market 

unpredictability, 

regulatory 

compliance 

Retail & 

E-

Commer

ce 

Inventory 

optimization, sales 

forecasting, 

customer 

personalization 

Higher sales and 

customer 

engagement 

Data privacy 

concerns, AI 

bias in 

recommendation

s 

Healthca

re 

Diagnostics, 

patient 

management, 

treatment planning 

Improved 

patient 

outcomes and 

efficiency 

Ethical 

concerns, AI 

explainability 

Manufac

turing 

Supply chain 

automation, 

predictive 

maintenance, 

quality control 

Reduced 

downtime and 

cost savings 

Integration with 

legacy systems, 

high setup costs 
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that require further exploration to optimize AI agents’ impact on 
modern enterprises. 
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